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RESEARCH PROBLEM

Current SR evaluation relies heavily on objective metrics (PSNR, SSIM) but lacks human
perspective validation.

High PSNR # visually pleasing results

Missing human evaluation for SOTA models

Bicubic paradox: high technical scores, poor visual quality
Real-world applications need perceptually satisfying results
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INTRODUCTION

< Super-resolution (SR) enhances image details
< Objective metrics dominate (e.g., PSNR, SSIM)
% Need: Incorporate human perceptual assessments
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https://github.com/hamzafer/
super-resolution-color

original ?upscale=true Project Page Contact

EXPERIMENT 1. ONLINE STUDY METHODOLOGY OBJECTIVE EVALUATION
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. . . . . methods onl perceptual SR
1. IMAGE: https://www.imgix.com/blog/ai-powered-image-super-resolution 10 y
2. DATASET: Timofte, R., Gu, S., Wu, J., Van Gool, L., Zhang, L., Yang, M.H., Haris, M., et al.
3. NTIRE 2018 Challenge on Single |mage Super'ReSOlUtion: Methods and Results. (Experilr::ej?sfiataset) Explore joint metric-subjective learning ﬁ Push toward human-centric model ®
4. Proc. IEEE Conf. Comput. Vis. Pattern Recog. Workshops (CVPRW), June (2018) for SR evaluation
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